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How engineers usually build and improve things 
Measure 

Use calculus to model 

measure 

What happens in practice 
Mine correlations from the big data.  

Statistical inference calculus based on these correlations
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Ą Red highlight increases click rate. 

despite the fact that he dislikes red

Ą Red highlight decreases click rate. 

A: Highlight  
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B: User 
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C: User often  

clicks on ads 
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In fact, the users take the suggestion  

because they like suggestions, 

and despite slightly disliking the red highlights!  
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This effect is named òSimpsonõs paradoxó (1951). 
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Red highlights are a bad idea for both  kinds of users. 
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Ą Using more data wonõt make the answer correct! 
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